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Research on Predicting the Academic Influence
of Scholars Based on Stepwise Regression

CHI Xuehua ZHANG Chengzhi

(Department of Information Management, Nanjing University of Science & Technology,
Nanjing 210094, China)

Abstract: [ Purpose/significance ] This paper predicts total citation frequency of scholars within a certain
period of time in the future, in the hope of predicting scholar's academic influence and discovering potential
scholars earlier. [ Method/process ] Considering that the academic influence of scholars can be divided into
different levels, this paper proposes a stepwise regression prediction model based on the traditional influence
regression method. Firstly, taking the academic papers that scholars published as the sources of influence,
construct the feature engineering of academic papers from their statistical features, text content features and
network features. Then, whether the total citation is zero or not will be judged by automatic classification
method. Furthermore, this paper applies regression technology to predict scholar’s citation frequency
whose total citation is non-zero. [ Result/conclusion ] The experiment shows that better categorization and
regression can be achieved through combining multiple features and better prediction by stepwise regression.

Keywords: Academic influence prediction; Citation frequency; Machine learning; Stepwise regression
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